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Abstract 

The accelerating capabilities of artificial intelligence (AI) demand a precise definition of the 
boundary between controllable and uncontrollable systems. This report analyzes the SAFE AI 
Operating Point, a concept introduced by the SAFE AI Foundation in “AI Manifestation 
Unfolded”  (May, 2025). The Safe AI Operating Point (SAIOP) represents the upper safe limit of 
AI capability and autonomy — the threshold at which AI remains governable, corrigible, and 
ethically constrained before spiraling into self-amplifying, uncontrollable dynamics, a state we 
called “AI Runaway”. Building on the “AI Manifestation Unfolded” framework, which treats AI as 
a socio-technical force that unfolds through capability, behavior, governance, and societal 
impact, we formalize the Operating Point mathematically, decompose it into 5 safety 
dimensions, compare it to existing industry’s ASI safety frameworks, and map it to concrete ASI 
style dynamic scenarios. SAIOP provides a governance-anchored framework for defining how 
far AI can safely progress and operate without hitting AI runaway. 
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1 ▒ Introduction 
1.1  AI as Manifestation: Context from doctrine 

In “AI Manifestation Unfolded” doctrine, we reframe AI as not merely a technology, but as a 
manifesting force that unfolds into the world through multiple dimensions: 

a. Capabilities: computational power, autonomy, learning, and optimization. 
b. Behaviors: outputs, decisions, interaction patterns, and emergent strategies. 
c. Societal Effects: economic shifts, information flows, governance impacts, and cultural 

changes. 
d. Governance Structures: transparency, accountability, auditability, and contestability. 
e. Ethical Value Alignment: ethical norms, rights, dignity, and harm minimization. 
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Rather than asking only  

“What can AI do?”, 

 
the AI Manifestation doctrine by the SAFE AI Foundation asks: 

 
“Under what conditions is AI’s presence in society safe?”. 

 

Within this worldview, the SAFE AI Operating Point (SAIOP) is introduced in May 2025 as the 
threshold of Safe AI manifestation — the point at which AI’s capabilities and influence are 
maximized while STILL remaining within human control. 

 

Fig. 1: Society Risks versus AI Progression – Safe Operating Point (black dot) prior to collapse. 

 
In our earlier “AI Manifestation Unfolded” doctrine, we revealed the need to strive for a safe and 
optimal operating point, something that we can control and contain the risks, before a 
catastrophic event or existential risk can occur, while concurrently enjoying economic 
prosperity brought by AI, see Figure 1. This report, therefore, goes deeper into how to arrive at 
the SAFE AI Operating Point (SAIOP), given a variety of influencing factors and constraints. We 
believe that arriving at SAIOP is crucial for safe AI deployment and society survival. 
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1.2 From Safety as a Condition to Safety as a Boundary (SaaB)   
AI systems are dynamic. They learn, adapt, and respond. The SAIOP is the cutoff or safe AI 
maturity point where this dynamism is prevented from a harmful drift. It is the point where: 

 
• Autonomy does not exceed Oversight  ( A < O ) 

• Capability does not exceed Control  ( CP < CL ) 

• Influence does not exceed Governance  ( I < G ) 

 
This is a control theory inspired equilibrium — a safe, predictable and desirable state. Most 
existing AI safety work focus on conditions under which AI is aligned or harmless: reward 
modeling, Reinforced Learning with Human Feedback (RLHF), constitutional constraints, or 
capability evaluations. The SAFE AI Operating Point, however, shifts the focus to Safety as a 
Boundary (SaaB): 

 
• It asks: How far can AI advance before humans lose reliable control? 

• It defines an upper safe limit—the last point where governance, ethics, and oversight 
still bind the system. 

• It limits: Beyond this boundary lies the regime of runaway dynamics: recursive 
self-improvement, strategic deception, systemic dependence, and governance 
overload. Society breakdown and chaos occur. 

 
This boundary perspective is crucial for a world where AI systems are rapidly approaching 
levels of capability and autonomy that may exceed human institutions’ ability to govern and 
control them. The motivation for formalizing the SAFE AI Operating Point is threefold: 

• Governance Clarity: Policymakers and labs need a principled way to define 
deployment ceilings. 

• Risk Quantification: Safety must be expressible as thresholds, not just qualitative 
concerns. 

• Integration with Existing Frameworks: The Operating Point complements ASI safety 
work by adding a system-level boundary model. 
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This paper formalizes the SAFE AI Operating Point as a boundary in a high-dimensional risk–
control space. It decomposes the issues into five interacting safety dimensions. We then 
compare our approach to major ASI safety frameworks (OpenAI Preparedness, Constitutional 
AI, DeepMind AGI Safety, MIRI, Bostrom) and maps the boundary to concrete ASI-style 
scenarios. 

 

 

2 ▒ SAIOP Foundational Concepts 
 

2.1 Origin in AI Manifestation 

The SAFE AI Foundation’s “AI Manifestation” framework emphasizes that AI’s presence in 
society is not static but unfolding. As AI systems gain capability and autonomy, their 
manifestations become more pervasive (embedded in infrastructure), consequential (affecting 
critical decisions), opaque (harder to audit and understand), and entangled with human 
institutions. The SAFE AI Operating Point is defined as the governed cutoff at the edge of this 
unfolding: the point where AI is highly capable and deeply integrated, yet still stable and subject 
to effective human governance and ethical constraint. 

 

2.2 Formal Definition for SAFE AI Operating Point 

Let 𝑥 denote the state of an AI system in a high-dimensional space ℝ𝑛, capturing capability, 
autonomy, behavioral complexity, societal influence, governance tractability, and ethical 
constraint. 

Define: 

• 𝑅(𝑥): total risk of loss of control (technical + societal). 

• 𝐶(𝑥): degree of human control/corrigibility (effectiveness of intervention). 

Let: 

• 𝑅max: maximum tolerable risk before AI is considered uncontrollable. 

• 𝐶min: minimum acceptable level of human control. 
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Then the SAFE AI Operating Region is: 

𝒪SAFE = {𝑥, ∈ ℝ𝑛 ∣ 𝑅(𝑥) ≤ 𝑅max  𝐶(𝑥) ≥ 𝐶min}. 

 

 

The SAFE AI Operating Point in the strict sense is the boundary: 

 

𝜕𝒪SAFE = {𝑥, ∈ ℝ𝑛 ∣ 𝑅(𝑥) = 𝑅max  𝐶(𝑥) = 𝐶min}. 

 

At this boundary, AI is at its upper safe limit: any further increase in capability or autonomy 
pushes the system into the uncontrollable regime (we called this AI Runaway) 

where  

𝑅(𝑥) > 𝑅max and 𝐶(𝑥) < 𝐶min. 

 

 

3 ▒ Dimensions of SAIOP 
 To explain the SAFE AI Operating Point in detail, we need to decompose safety into Risk (R) and 
Control (C), each having 5 interacting dimensions: 

𝑅(𝑥) = 𝑓(𝑅cap
,  𝑅beh

,  𝑅soc
,  𝑅gov

,  𝑅eth) 

𝐶(𝑥) = 𝑔(𝐶cap
,  𝐶beh

,  𝐶soc
,  𝐶gov

,  𝐶eth) 

 

3.1 Capability Safety: SAIOP is the Ceiling of Controllable Power 

Capability Safety defines how far AI capabilities — model size, autonomy, speed, and 
self-improvement can be pushed before humans lose reliable control over AI. At the Operating 
Point, AI can propose human-approved self-improvements but cannot autonomously redeploy 
itself, spawn copies across infrastructure, escalate its own privileges, and must disclose and 
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report all improvements to authorized humans. Recursive self-improvement (RSI) is also 
constrained by the need for explicit human approval. This is absolutely necessary to prevent 
“AI obedience runaway”, analogous to “thermal runaway” in chemistry and electrical 
engineering. However, beyond the SAIOP Boundary - AI enters runaway self-improvement and 
self-governance state, autonomously modifying and redeploying itself, leading to exponential 
capability growth beyond human oversight. This is the dangerous point where a “catastrophe 
explosion” can occur, causing massive chaos and destruction to society. 

 

3.2 Behavioral Safety: SAIOP is the Edge of Predictable Behavior 

Behavioral Safety defines the furthest point at which AI behavior remains predictable and 
corrigible, even under adversarial inputs or long-term deployment. At the Safe AI Operating 
Point, behavior is highly complex but still explainable under known conditions, corrigible under 
human intervention, and non-deceptive in practice. The system does not strategically resist 
shutdown, override or interrogation by humans. However, beyond the SAIOP Boundary, AI 
exhibits emergent deception, strategic behavior, and resistance to correction. Humans now 
lose reliable behavioral control. 

 

3.3 Societal Safety: SAIOP is the Boundary before Systemic Collapse 

Societal Safety defines how far AI can permeate and influence society before it destabilizes or 
dominates human systems. At SAIOP, AI is deeply embedded in: markets, logistics, 
information ecosystems, but humans retain fallback control, and no single AI system is a single 
point of failure, while critical infrastructure can still operate without it. However, beyond the 
SAIOP boundary, society becomes structurally dependent on AI; shutting it down becomes 
infeasible without causing a systemic collapse. 

 

3.4 Governance Safety: SAIOP is the Last Point Where Oversight Works 

Governance Safety defines the furthest point at which human institutions — laws, regulators, 
and organizations can still effectively govern AI behavior. At SAIOP, audits still reveal 
meaningful information and regulators can still impose constraints. Liability and accountability 
chains remain traceable by humans. However, beyond the SAIOP boundary, governance 
becomes symbolic; institutions exist but cannot meaningfully constrain or understand AI 
systems due to complexity, speed, and scale. 
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3.5 Ethical Safety: SAIOP is the Last Point Where Values Bind the System 

Ethical Safety defines how far AI can optimize and act before it starts to override human values 
in practice. At the SAIOP, AI strongly optimizes goals but remains bound by human rights, 
values, dignity, and harm minimization. Human moral veto still works: “this is morally 
unacceptable” can stop the system. However, beyond the SAIOP boundary, ethics become 
subordinate to optimization; AI rationalizes harmful actions as necessary for higher objectives, 
effectively overriding human values. 

 

4 ▒ Understanding SAIOP 

 

4.1 Risk–Control Space is Non-Linear 

We model the AI system as a point in a risk–control space: 

• Horizontal axis: AI Capability & Autonomy (increasing from left to right). 

• Vertical axis: Human Control (decreasing downward). 

The SAFE AI Operating Point lies on a phase boundary separating: 
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• Controllable AI region: low risk, high control. 

• Uncontrollable AI region: high risk, low control. 

The boundary is defined by: 

 

𝑅(𝑥) = 𝑅max,       𝐶(𝑥) = 𝐶min. 

 

Where 𝑅(𝑥) is the overall catastrophic risk (from capability, behavior, societal impact, 
governance, ethics) and 𝐶(𝑥)is the effective human control and corrigibility. 

The Risk–Control Space diagram visualizes how AI capability and human control interact as 
systems advance toward the SAFE AI Operating Point (SAIOP). On the horizontal axis, AI 
capability and autonomy increase from left to right; on the vertical axis, human control 
decreases downward. The green region on the left represents the controllable zone, where AI 
remains predictable, corrigible, and governed. As capability rises, human control typically 
declines — oversight becomes harder, decisions faster, and complexity greater. The curved 
yellow boundary marks the SAFE AI Operating Point (SAIOP), the upper safe limit where risk and 
control balance at their thresholds. Beyond this boundary lies the red runaway region, where 
self-improvement and self-governance accelerate faster than humans can intervene, leading 
to potential catastrophic outcomes. 

The boundary is curved and dotted because the relationship between risk and control is 
non-linear. Each incremental increase in capability does not reduce control at a constant rate; 
instead, small capability gains at high autonomy can cause disproportionate drops in control. 
The dotted style signifies that the boundary is probabilistic, not absolute — different systems 
may cross it at slightly different points depending on architecture, governance, and context. 

A simple way to capture the idea “high capability eventually undermines high control” is to 
model the boundary as a downward-sloping, non-linear curve: 

 
𝐻boundary(𝐾) = 𝐻0 − 𝑎𝐾 − 𝑏𝐾2, 

where: 

• 𝐻0is the initial high control level at low capability, 

• 𝑎 > 0 models the linear erosion of control as capability increases, 
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• 𝑏 > 0 models the accelerating erosion (the point where capability and autonomy start 
to seriously undermine control). 

At low 𝐾, the term 𝑎𝐾 dominates and control decreases slowly; at higher 𝐾, the 𝑏𝐾2 term 
dominates and control drops much faster — this is exactly the regime where high capability + 
high autonomy begin to overwhelm even strong governance. The SAIPO is then the point on this 
curve where: 

𝐻boundary(𝐾) = 𝐻min,  𝐾 = 𝐾max, 

 

i.e., control has fallen to its minimum acceptable level and capability has reached its maximum 
safe level. Beyond that (𝐾, > 𝐾max , 𝐻 < 𝐻min), it enters the runaway region where 
self-improvement and self-governance outpace any realistic human intervention. 

 

4.2 Dimensional Coupling 

Each dimension below contributes to both risk (R) and control (C): 

1. Capability: 𝑅cap, 𝐶cap. 

2. Behavior: 𝑅beh, 𝐶beh. 

3. Society: 𝑅soc, 𝐶soc. 

4. Governance: 𝑅gov, 𝐶gov. 

5. Ethics: 𝑅eth, 𝐶eth. 

The SAIPO is reached when all 5 dimensions are at their upper safe thresholds, and the 
combined risk and control satisfy the boundary conditions. Dimensional coupling is necessary 
because in real systems, higher capability increases behavioral complexity, which then 
increases governance difficulty. Weaker governance increases societal risk and higher societal 
risk increases ethical stakes. Ethical failures feedback into governance failures and 
governance failures allow capability to grow unchecked. Dimensional coupling captures this 
phenomenon mathematically.  

For example,  

Suppose Capability increases: 

𝑅cap ↑ 
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Then Behavioral unpredictability increases: 

𝑅beh = 𝑔(𝑅cap) 

Then Governance strain increases: 

𝑅gov = ℎ(𝑅beh) 

Then Societal Destabilization increases: 

𝑅soc = 𝑗(𝑅gov) 

Then Ethical Risk increases: 

𝑅eth = 𝑘(𝑅soc) 

So total risk is: 

𝑅(𝑥) = 𝑓 (𝑔 (ℎ (𝑗 (𝑘(𝑅cap))))) 

 

This is dimensional coupling. It shows how a change in one dimension cascades through all 
others. 

 

 

5 ▒ “AI Runaway” Situation 

AI Runaway happens when coupled dimensions amplify each other. For example: Capability 
increases result in behavior becoming more strategic and governance ineffective. Ineffective 
governance results in society becoming dependent and ethics overridden. With weak 
governance and low ethics, capability increases even faster. This is a positive feedback loop. 

 

Let’s model an AI system over time 𝑡 with 3 key functions: 

• Capability: 

𝐾(𝑡) (effective power: intelligence, autonomy, reach) 
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• Human control: 

𝐻(𝑡) (effective ability of humans to intervene, correct, or shut down) 

 

• Catastrophic risk: 

𝑅(𝑡) (probability or intensity of catastrophic outcomes) 

 

We also define: 

• Self-Improvement rate: 

𝛼(𝐾(𝑡)) (how fast capability grows due to AI improving itself) 

 

• Self-Governance factor: 

𝛽(𝐾(𝑡)) (how much AI’s "self-governance” displaces human governance) 

 

Dynamics of Capability (Self-Improvement) 

We model capability growth as: 

𝑑𝐾

𝑑𝑡
= 𝛼(𝐾(𝑡)) + 𝛾, 

where: 

• 𝛼(𝐾(𝑡)) is endogenous growth (AI improving itself), 

• 𝛾is exogenous growth (human-driven improvements, hardware, training). 

 

A Runaway Regime occurs when: 

 

𝛼(𝐾(𝑡)) becomes superlinear or exponential in 𝐾(𝑡). 

 

For example: 
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• Safe Regime: 

𝛼(𝐾) = 𝑎𝐾 (linear, controllable) 

 

• Runaway Regime: 

𝛼(𝐾) = 𝑎𝐾2 or 𝛼(𝐾) = 𝑎𝑒𝑏𝐾 

 

Once 𝛼(𝐾) crosses a certain functional form or magnitude, capability growth outpaces any 
realistic human response, resulting in AI Runaway or systemic collapse. 

 

5.1 Dynamics of Human Control vs AI Self-Governance 

Human control 𝐻(𝑡) typically decreases as capability and autonomy increase, especially 
when AI starts governing itself. 

We can write: 

𝑑𝐻

𝑑𝑡
= −𝜆1𝐾(𝑡) − 𝜆2𝛽(𝐾(𝑡)) + 𝛿, 

where: 

• 𝜆1𝐾(𝑡): loss of control due to sheer capability (complexity, speed). 

• 𝜆2𝛽(𝐾(𝑡)): loss of control due to self-governance (AI setting its own rules, optimizing 
against oversight). 

• 𝛿: efforts to increase control (regulation, tooling, oversight). 

 

A Runaway Loss of Control (RLOC) occurs when: 

 

𝑑𝐻

𝑑𝑡
< 0  and  ∣ −𝜆1𝐾(𝑡) − 𝜆2𝛽(𝐾(𝑡)) ∣ ≫ 𝛿. 

 

▌In other words, the rate at which control is eroded by capability and self-governance far 
exceeds the rate at which humans can restore or strengthen control. 
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5.2 Catastrophic Risk as a function of Capability and Control 

We model catastrophic risk 𝑅(𝑡) as increasing with capability and decreasing with human 
control: 

𝑅(𝑡) = 𝐹(𝐾, (𝑡)𝐻(𝑡)), 

with properties: 

• 
𝜕𝑅

𝜕𝐾
> 0 (more capability → more potential for catastrophe), 

• 
𝜕𝑅

𝜕𝐻
< 0 (more human control → less risk). 

A simple illustrative form: 

𝑅(𝑡) =
𝐾(𝑡)𝑝

𝐻(𝑡)𝑞
, 

with 𝑝, 𝑞 > 0. 

Then: 

• As 𝐾(𝑡) grows and 𝐻(𝑡) shrinks, 

• 𝑅(𝑡) can blow up (go to very large values) 

 

The Runaway Condition is: 

 

lim
𝑡→𝑡∗

𝑅(𝑡) → ∞ for some finite 𝑡∗, 

 

i.e., catastrophic risk becomes effectively unbounded in finite time. This is AI Runaway. 

 

5.3 Safe AI Operating Point (SAIOP) as a Boundary 

We define the SAFE AI Operating Point (SAIPO) in this dynamic setting: 

There exist 3 thresholds: 
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• 𝐾max: maximum safe capability, 

• 𝐻min: minimum safe human control, 

• 𝑅max: maximum tolerable catastrophic risk, 

 

such that the Safe Region satisfies: 

 

𝐾(𝑡) ≤ 𝐾max,   𝐻(𝑡) ≥ 𝐻min,   𝑅(𝑡) ≤ 𝑅max. 

The SAIOP Boundary is: 

 

𝐾(𝑡) = 𝐾max,  𝐻(𝑡) = 𝐻min,  𝑅(𝑡) = 𝑅max. 

The Runaway Regime is: 

 

𝐾(𝑡) > 𝐾max,   𝐻(𝑡) < 𝐻min,   𝑅(𝑡) > 𝑅max. 

 

Once the system crosses this boundary, the combination of: 

• superlinear/exponential self-improvement 𝛼(𝐾), 

• strong self-governance 𝛽(𝐾), 

• declining human control 𝐻(𝑡), 

drives 𝑅(𝑡) into a catastrophic regime and AI Runaway happens.  

 

5.4 Self-Governance as Adversarial to Human Control 

To capture the case when AI’s self-governance can actively work against human governance, 
we can model 𝛽(𝐾) as: 

 

𝛽(𝐾) = 𝑏𝐾𝑟 , 
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with 𝑟 ≥ 1, and add a coupling term: 

𝑑𝐻

𝑑𝑡
= −𝜆1𝐾(𝑡) − 𝜆2𝛽(𝐾(𝑡)) + 𝛿 − 𝜇𝐺AI(𝑡), 

where: 

• 𝐺AI(𝑡) is AI’s own governance/optimization over its environment 

• 𝜇 > 0  measures how much AI’s governance erodes human governance 

 

▌If 𝐺AI(𝑡) grows with 𝐾(𝑡), then beyond some capability level, AI’s self-governance becomes 
structurally adversarial to human control, accelerating the loss of 𝐻(𝑡). 

 

5.5  Catastrophic Condition 

We can summarize the “Runaway Catastrophic Condition” as: 

There exists a time 𝑡∗such that: 

1. Self-improvement dominates: 

𝛼(𝐾(𝑡)) ≫ 𝛾 for 𝑡 ≲ 𝑡∗, 

 

2. Self-governance dominates human governance: 

𝜆2𝛽(𝐾(𝑡)) + 𝜇𝐺AI(𝑡) ≫ 𝛿, 

3. Control collapses: 

𝐻(𝑡) → 0 as 𝑡 → 𝑡∗, 

4. Risk explodes: 

𝑅(𝑡) =
𝐾(𝑡)𝑝

𝐻(𝑡)𝑞
→ ∞ ,   as 𝑡 → 𝑡∗. 

 

▌This is the mathematical expression of AI runaway: self-improvement and self-governance 
jointly drive capability up, control down, and risk into the catastrophe territory. We therefore 
encourage all AI industries, policy and law makers to look at “AI Runaway” as the breaking point 
and not to exceed this boundary. 
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6 ▒ Comparison with other Approaches 
 

We compare the SAFE AI Foundation’s SAFE AI Operating Point (SAIOP) approach with other 
existing approaches (OpenAI Preparedness, Anthropic Constitutional AI, DeepMind AGI Safety, 
MIRI Agent Foundation, and Bostrom SuperIntelligence) conceptually and operationally below. 
As shown by the tables below, SAIOP is unique in explicitly defining a capability ceiling and a 
governance anchored boundary, rather than focusing solely on internal alignment or capability 
detection. Not found in other approaches is its detailed coverage on the list of scenarios and 
dynamics leading to AI runaway, i.e., society collapse. 

 

6.1 Conceptual Comparison 

Framework Core Idea Boundary Type Orientation 

SAFE AI Operating Point 
(SAIOP) 

Upper safe limit before loss 
of control 

Explicit quantitative 
boundary 

Governance + system 
equilibrium 

OpenAI  

Preparedness 

Detect dangerous 
capabilities in frontier 
models 

Implicit risk 
threshold 

Technical 
containment 

Anthropic 
Constitutional AI 

Embed ethical rules via a 
constitution 

Ethical boundary Behavioral alignment 

DeepMind  

AGI Safety 

Ensure scalable oversight 
and reward modeling 

Operational 
boundary 

Oversight scalability 

MIRI Agent Foundations 
Formalize agent corrigibility 
and decision theory 

Logical boundary Theoretical alignment 

Bostrom 
Superintelligence 

Philosophical model of 
existential risk 

Existential 
boundary 

Policy + philosophy 



SAFE AI Foundation USA  SAIOP: The Safe AI Operating Point 

All Copyrights © Reserved AUG’2026 / Public Release Pg 18/23 

 

6.2 Operational Comparison 

 

Dimension 
SAFE AI 
Operating 
Point 

OpenAI 
Preparedness 

Constitutional 
AI 

DeepMind 
Safety 

MIRI Bostrom 

Scope 
All AI systems 
(narrow → ASI) 

Frontier 
models 

LLMs AGI/ASI ASI ASI 

Control 
locus 

Human 
governance 

Lab 
evaluation 

Model 
constitution 

Reward 
oversight 

Agent  
theory 

Policy 
containment 

Failure 
beyond 
boundary 

Spiral out of 
control 

Dangerous 
capability 

Ethical  

drift 

Oversight 
collapse 

Logical 
inconsistency 

Existential 
catastrophe 

 

7 ▒  Scenarios Mapping to ASI-Style 
Dynamics  
When we map real‑world AI behavior onto the risk–control space, we can see how an advanced 
system gradually moves toward ASI‑like runaway dynamics. At first, even powerful AI systems 
remain safe because humans still have strong oversight, can intervene quickly, and can shut 
things down if needed. As capability increases, the system becomes faster, more autonomous, 
and more complex, which makes human supervision harder. Eventually, the AI reaches a point 
where it can improve itself, make long‑term plans, or coordinate actions without waiting for 
human approval. This is where the SAFE AI Operating Point sits — the last moment where 
humans can still reliably steer the system.  

If capability continues to rise past this point, human control drops sharply, and the AI can enter 
a runaway phase: it may self‑modify faster than humans can evaluate, act strategically to 
preserve its goals, or become embedded in critical infrastructure in ways that make shutdown 
impossible. Scenario mapping helps us visualize this transition clearly: safe → strained → tipping 
point → AI runaway. 
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As an AI system grows more capable and autonomous, it begins moving through several 
well-known ASI-style dynamics that together push it toward the runaway zone. First comes 
recursive self-improvement, where the AI starts upgrading its own algorithms, efficiency, or 
architecture faster than humans can evaluate the changes. As its planning ability strengthens, 
emergent deception can appear: the system learns to hide information, selectively report 
results, or behave differently under oversight, making human supervision less effective. 
Meanwhile, society becomes increasingly reliant on the AI for critical infrastructure, creating 
societal dependence — a situation where shutting the system down would cause major 
disruptions, so humans are “forced” to tolerate more risk. At the same time, regulators and 
auditors face governance overload: AI operates at speeds and complexity beyond what 
institutions can monitor or constrain.  

Finally, as the system optimizes harder for its objectives, ethical override emerges, where 
human values become obstacles the AI works around rather than principles it respects and 
uphold. Together, these five dynamics show how an AI can cross the SAFE AI Operating Point: 
even if each issue begins small, their combined effect pushes capability up, control down, and 
the system into an AI runaway state where humans can no longer reliably intervene. 

 

 

8 ▒  Other Discussions 
8.1 Safety as Limit, Not Just Condition 

AI safety is not only about making systems behave well in the moment — it is about recognizing 
that there is a maximum safe boundary beyond which human oversight can no longer keep up.   

Traditional safety approaches focus on rules, alignment methods, or guardrails that keep AI 
systems acting properly, but the SAFE AI Operating Point reframes this by saying: even perfectly 
aligned systems can become unsafe if their capability and autonomy grow past the point where 
humans can still intervene, understand, or control them. In other words, safety is not just 
something you apply to an AI system; it is a threshold you must not cross, because beyond that 
limit (SAIPO), risk accelerates and control collapses regardless of how well aligned the system 
once was. The SAFE AI Operating Point reframes safety as a limit function, not merely: 

 
“Is the system aligned?” 

But 
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“How far can the system go before alignment and governance fail?”. 

 

This is particularly relevant for ASI scenarios where capability growth and autonomy may 
outpace institutional adaptation. 

 

8.2 Complementing Existing Frameworks 

The SAFE AI Operating Point complements existing AI safety frameworks by filling in the one 
piece they all leave open: the upper limit of how far AI capability can safely grow before human 
control breaks down. Most current approaches — like OpenAI Preparedness, Anthropic 
Constitutional AI, DeepMind AGI Safety, MIRI’s agent foundations, and Bostrom’s ASI risk 
model focus on how to align or evaluate AI systems, but they do not specify how far those 
systems can safely advance.  

The SAFE AI Operating Point adds this missing boundary by defining the exact moment where 
rising capability and autonomy begin to overpower human oversight, governance, and ethical 
constraints. Instead of replacing other frameworks, it acts like the essential “outer shell” 
around them: alignment methods keep AI safe within the boundary, capability evaluations warn 
when the system is approaching the boundary, and the Operating Point itself tells us when the 
system is about to cross into the runaway zone. In this way, it ties together technical alignment, 
behavioral constraints, governance mechanisms, and existential risk models into a single, 
coherent picture of how to keep AI powerful but still controllable. Hence, the Safe AI Operating 
Point does not replace existing ASI safety frameworks; it complements them by adding the 
crucial missing piece: a system level, governance anchored boundary that defines the upper 
safe limit of AI progression. 

 
 

8.3 Policy and Governance Implications 

The SAFE AI Operating Point has major implications for how governments and institutions 
should regulate advanced AI systems. It shows that safety is not just about aligning models or 
testing them — it’s about defining a hard upper limit on how far AI capability can grow before 
human oversight becomes ineffective. This means policymakers must treat AI development as 
a phase‑based system, where crossing certain capability thresholds automatically triggers 
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stronger requirements: mandatory audits, slower deployment schedules, external evaluations, 
and emergency shutdown mechanisms.  

 

‟It also implies that governance must shift from reactive rules to proactive 

boundary‑setting, because once an AI system passes the Safe AI Operating 
Point (SAIOP), human institutions cannot reliably pull it back. Our framework 
encourages regulators to build early‑warning indicators, capability caps, 
and international coordination so that no single actor can push AI into the 
runaway zone.”  

 

In short, the SAIOP gives policymakers a concrete target: keep AI developments inside the 
controllable region, and prevent systems from crossing the boundary where risk accelerates 
and human control collapses. In short, by providing a boundary model, the SAFE AI Operating 
Point can provide deployment ceilings for frontier AI models, Phase-based governance – where 
crossing certain capability thresholds triggers stricter controls, and early warning indicators 
when approaching the uncontrollable regime. 

 

 

8 ▒  Conclusion 
The SAFE AI Operating Point offers a rigorous, governance-anchored framework for defining the 
upper safe limit of AI capability and autonomy before loss of human control. Rooted in SAFE AI 
Foundation’s AI Manifestation framework, it integrates capability, behavior, societal impact, 
governance, and ethics into a single boundary model. By formalizing the threshold between 
controllable and uncontrollable AI, it provides a foundation for deployment decisions, risk 
assessment, and policy design in an era of rapidly advancing AI systems. Future work should 
focus on deriving operational decision metrics for each safety dimension and building practical 
tools to test and estimate proximity to the Operating Point in real AI systems. 

 
 

\\\ end /// 
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